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Abstract

Flooding disasters have long been a strong threat to the people of Taiwan. Every time a
flood occurs, it will cause a lot of financial losses to the people. Therefore, this study
re-examines recent flooding hotspots such as Yilan, Yunlin, and Kaohsiung, and uses a deep
learning model to Build a classification model of whether an area is flooded, and disassemble
this deep learning model to explore the root cause of flooding in these locations. This study
establishes an alarm mechanism based on the past disaster situation and results, and analyzes
the results of the disaster situation and the artificial intelligence prediction model based on a
case study.

Keywords: flooding, model, machine learning, alarm
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