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ABSTRACT

In recent years, the world has been affected by extreme climate changes, and intermittent
rainstorms have occurred on urban streets or roads, which can easily cause serious flooding events
on urban roads. With OpenCV software image recognition, deep learning of artificial intelligence
and internet of things (1oT) technologies, automatic river water level, flood recognition and flood
depth calculations are performed. Using python programming language, self-built Al platform
automatic display system, the laboratory simulation, historical Taiwan flood events and on-site
image analysis verification results show that the water level calculation is applicable during the day,
night and during the flood period, can also be provided estimation of real-time water level without
water level gauge. In addition, use the convolutional neural network (CNN) inception v3 migration
learning training and prediction of artificial intelligence deep learning to accurately identify whether
the image is flooded or not, and calculate the flooding depth in real time, which can compensate for
the artificial inability to judge for a long time. Know the shortcomings of flooding or not. This results
can provide river stage and inundation depth data for pre-disaster preparation, and disaster response,
achieving the purpose of automatic real-time detection and identification.

Keywords: Artificial intelligence, Convolutional neural networks (CNN), Image identification,
Internet of things (loT).
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